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Background and Aims: Artificial intelligence (AI) has emerged as a transformative force in various

fields, including orthodontics. Al has demonstrated encouraging results in enhancing diagnostic
precision, treatment decision, and outcome prediction. With the accessibility of different Al software,
its utilization in orthodontics has grown significantly. In this review study, we examined various
applications of artificial intelligence within the field of orthodontics.

Materials and Methods: A comprehensive search was conducted in the PubMed database using the
keywords; “Orthodontics” and “Artificial intelligence” between 2020 and 2025. 643 articles were found
in the initial search. After eliminating articles based on the inclusion and exclusion criteria, 293 articles
remained for full-text review, and finally 38 articles were included in our review to obtain a
comprehensive review of the applications of artificial intelligence in orthodontics.

Results: Today, artificial intelligence has been used in different stages of orthodontic treatment,
including diagnosis, decision making, outcome prediction and education. It has shown high accuracy in
many areas, including cephalometric analysis and treatment planning. However, enhancements are
necessary in certain aspects, particularly in space analysis and the prediction of treatment outcomes.
Conclusion: Conducting systematic reviews focusing on each of these applications can provide a better
perspective for clinicians to use this technology in their everyday practice.
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